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1 < Egptmltdtlr;'imdt |  HPTLC is especially suited for multivariate data analysis (MVDA) [1].

e « ITLC, an open-source software dedicated to TLC/HPTLC, was developed to streamline MVDA [2] (Fig. 1):
l . :pg,m,*g';g W ping: Sl - Written in R [3] with the shiny package [4] provided a web-based user interface (Figs. 2 and 3)

Preprocessed data:

2D Matrix okt - Visualization tools and a user-friendly interface substantially fastened the analysis (Figs. 4 and 5)
e. g. PCA, HCA
J < preegigggv iafistics - Preprocessing algorithms mitigated experimental variations (Fig. 6)

Analyzed data:
Visualization tools -

l <

PDF Report output

Both unsupervised (Figs. 7, 8 and 9) and supervised statistics (Tables 1 and 2) as supported tools.

Output options

e« German propolis was used to demonstrate its capabilities.

« The software was released open-source to encourage reuse and improvement [5].

Fig. 1 Pipeline of rTLC [1]

Fast and intuitive data preparation
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Fig. 2 Video densitogram extraction made automatic
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Fig. 6 Effect of preprocessing on the green channel
densitograms of 3 blue propolis: Original data (A)
realigned with parametric time warping (B), stan-
dard normal variate (C) and mean centering (D)

Fig. 5 RGB channel densitograms (A) and HPTLC chromatograms
of the phenolic profiles of blue-type (B) and orange-type (C)
German propolis samples

Fig. 4 Processing of experimental parameters
for extraction of HPTLC chromatograms to
obtain HPTLC densitograms

Fig. 3 Information on each sample can be added via
an excel file and edited inside the software

Powerful data analysis tools
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Fig. 9 PC scores (A and D) and loading plots according to the blue channel
(B and C) and grayscale image (E and F) evaluation

Table 2 Supervised statistic results with random forest
Fig. 8 Heat map analysis for the blue channel
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